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1 Ob6aacTh npuMeHEeHUsI 1 HOPMATHBHbIE CCHLIIKH

Hacrosimas paboyast mporpaMmma JUCIUILTAHBI yCTAaHABINBACT MUHUMAJIbHBIE TPEOOBaHUS K
3HAHUSM U YMEHHUSIM CTYJEHTa, a TaKKe ONpEeeNsieT CoAepKaHue U BUIbI y4eOHBIX 3aHATUH U OT-
YETHOCTH.

[Iporpamma mpenHasHadeHa ISl HpernogaBaTesneld, Beaymwx aucuuiuinHy «[Ipukmanabie
CTaTUCTHYECKUE METOJIbl B MAPKETHHIE», YUCOHBIX aCCHCTEHTOB U CTYACHTOB HAIIPABIICHUS ITOATO-
ToBKH 38.04.02. MeHemKMeHT, 00ydaronmxcs Mo o0pazoBaTenbHON nporpamme «MapKeTUHTOBbIE
TEXHOJIOTHUI.

PaGouas InporpamMma IUCHUIITIMHBI pa3pa60TaHa B COOTBCTCTBHHU C:

* OO6pazoBarenbHbiM cTangaproM HIUY BIID no nanpasnenuto noarotoku 38.04.02 «Me-
HEHKMEHT

* OOpa3oBarenbHON IporpaMmMoi «MapKeTUHIOBbIE TEXHOJIOTUNY, IO HAMIPABICHUIO MO/ -
roToBkH 38.04.02 «MeHEeIKMEHTY.

* OObenuHEHHBIM Y4eOHBIM TUIAHOM YHUBEPCHUTETA IO 00pa30BaTEIbLHON ITporpaMmme
38.04.02 «MeHemKMEHTY.

2 Ilenu ocBOEHMS TUCHMIIIMHBI
L{enssMu OCBOEHUS AUCLUTUIMHBI SBIISETCS
— O3HaKOMJICHHUEC CTYACHTOB C OCHOBHBIMHU METOAaMM HpHKHaHHOﬁ CTaTUCTHUKHU, HUX
CHJIBHBIMU U CJIa0BIMH CTOPOHAMH, a TaKXKe paclpoCTPaHEHHBIMU MapKEeTUHTOBBIMU
MPUIIOKEHUIMHU
— TIOJIyYEHHUE CTYJIEHTaMH MPaKTUYECKOro ombITa paboThl ¢ maketoM SPSS Statistics

JJI PCIICHUS MApKCTUHTOBLIX 3a/1a4.

3 Kommnerenuun odyuarouerocsi, gopmupyembie B pe3yJibTaTe 0CBOEHHUS THCHUIIIHHbI
VYpoBHU hopMHUPOBaHMS KOMITETEHIHI:
PB - pecypchas 6aza, B OCHOBHOM T€OPETUYECKHUE U MPEAMETHbBIE OCHOBBI (3HAHUS,
YMEHHUS)
CJI - criocoObl JesITeTbHOCTH, COCTABIISAIONINE TPAKTUYECKOE AP0 JAHHOW KOMIIe-
TEHIIUU
MII - MOTMBALIMOHHO-IIEHHOCTHAS COCTABJISAIONIAs, OTPAXKAET CTEIEHb OCO3HAHMS

OEHHOCTH KOMIICTCHIIMH YCJIOBEKOM M I'OTOBHOCTDH €€ MCIIOJIB30BaTh

B PE3YIbTATC OCBOCHUA AUCHUILIMHBI CTYACHT OCBAMBACT CICAYIOMIUEC KOMIICTCHIINH
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Jdeckpunropsl
Kox | YpoBennb KoMmnerennus
CrniocobeH pegaekcupoBath (o1leHUBaTh U | Pacrio3HaeT COOTBETCTBHS MEXKIY
CK-1 Pb nepepadaTbiBaTh) OCBOCHHbBIE HAYUHbIE AHAIMTUYECKUMU 3a/1a4aMU U
METO/BI U CLIOCOOBI JACATEIbHOCTH METOAAMU
Crioco6eH K caMOCTOSITEIbHOMY OCBOE- Brnaneer TexHOIOrUsIMH [TOUCKA
HUIO HOBBIX METOJIOB MCCIICAOBAHMS, U3- | HH(OPMAIMK O HOBBIX METOAAX
CK-3 CH MEHEHHUI0 HAyYHOI'0 U Hay4HO- UCCJIEIOBAHMSI U UX MPUIIOKEHHUS
IPOM3BOJICTBEHHOTO NMPO(UIISL CBOEH Aiesl- | B pa3InYHbIX 001aCTAX 3HAHUM
TEJIbHOCTU
CriocobeH aHanm3upoBarth, Bepupuupo- | [IpumenseT momydeHHbIe 3HAHUS
BaTh MH(OPMAIHIO B X0/ PO eccHo- JUTS PELIeHUs 3aj1a4, CBSI3aHHBIX C
HaJIbHOW JEATEeIbHOCTH, IIPH HE00X0AU- aHAJIM30M PEabHbIX JAHHBIX
CK-6 Pb
MOCTH BOCHOJHSTh U CHHTE3UpOBaTh He-
JOCTAOIIYIO HH(OPMAITHIO U paboTaTh B
YCTIOBHSX HEOTPEACTICHHOCTH
Crioco6eH BbIOMpaTh U 000CHOBBIBATH OO00CHOBBIBAaET BBIOOP UHCTPY-
UHCTPYMEHTAJIbHBIE CPEJICTBA, COBPEMEH- | MEHTAJIBHBIX CPE/ICTB, UHTEPIIPE-
HbIe HTHPOPMAIIMOHHBIC TEXHOJIOTHH U1l | TUPYET MOJyYeHHBIE Pe3yIbTaThI,
00paboTKKM MHPOPMALIUU B COOTBETCTBUU | OIICHUBAET OIPAaHHUYCHHS ITPOBE-
I1K27 CAa
C MOCTaBJICHHOM 3a/1aueli B cepe ynpas- | IEHHOTO aHajan3a, 000CHOBBIBAET
JIeHUs1, aHAJIU3UPOBATh PE3yNbTaThl pac- | YIpaBJICHYECKHE PEKOMEHAALNU
4eTOB 1 00OCHOBBIBATH YIIPABICHUECKHE
PEKOMEH Tl

®opMbl 1 METO/IBI 00YUEHUs, CIIOCOOCTBYIONINE (POPMUPOBAHUIO U Pa3BUTHIO yKa3aH-

HBIX KOMIIETEHIIUN:

=  PerreHne KOMIUIEKCHBIX aHATUTHYECKUX KEHCOB

dopma KOHTPOJIs YPOBHS c(HOPMUPOBAHHOCTH KOMIIETEHIINH:

- 3a,Z[aHI/ISI TCKYLICTO U MPOMECIKKYTOYHOI'O KOHTPOJIA, CBA3AHHBIC C aHAJIM30M pEC-

AJIBHBIX JaHHBIX




HIY BIID — Cankr-IletepOypr
Pabouas nmporpamma aucuuIuiMHbL “TIpUKIIaJHbBIe CTATUCTUYECKHE METO/Ib B MApPKETHHIE” JUIsl HAPABJICHUS
38.04.02. «MeHemKMEHT» MOATOTOBKM MarucTpa
110 00pa3oBaTeIbHON IporpaMme «MapKeTHHIOBBIE TEXHOIOTHUI

4 MecTo AMCHMILVIMHBI B CTPYKTYpe 00pa3oBaTe/IbHOM NPOrpaMMbl
Hacrosimas mucuuninHa OTHOCUTCS K OJIOKY alanTallMOHHBIX TUCHUIUIMH U HE UMEET 005-
3aTeJIbHBIX [IPEPEKBU3UTOB, KPOME BIJIAZICHUS AHIVIMHCKUM S3bIKOM (IMCLMIUIMHA YUTAETCS HA aHT-

JUHCKOM).

5 TemaTu4yeckuii VIaH y4eOHOMN JUCHUIIMHBI

OBBEM JIUCHUITJIMHBI - 4 3a4eTHBIX €IUHHITBI.

TemaTn4yeckui mJiaaH:

Topic Total hours Lecture hours | Computer Self-study
practice hours | hours
Data management and 12 1 2 9
pre-processing
Descriptive analysis 18 1 4 10
and Custom tables
Hypothesis testing : 17 1 4 10

parametric and non-
parametric methods

Correlation analysis 12 1 4 9
Ordinary least squares 12 1 4 9
regression

Logistic regression 12 1 2 9
Classification and 12 1 2 9
regression trees

Cluster Analysis 12 1 2 9
Factor analysis 12 1 2 9
Correspondence 12 1 2 9
analysis

Multidimensional 12 1 2 8
scaling

Conjoint analysis 12 1 2 8
Total 152 12 32 108
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6 ®opMbl KOHTPOJISI 3HAHUI CTY/IEHTOB

Tun koHTpo- | PopmMa KOHTPOJISA TI'on1 ITapameTpbl
JI 12
Texymmit Konrtponsnas padora Nel ) Tectsl u3 10 BOIIpocoB ¢ BBIOOPOM BapuaHTa OT-
BETOB
Kontponbnas padora No2 5
Howmaruee 3aganue Nel 4
Jomaminee 3aanue Ne2 3 | Keiicbl mo aHaM3y MapKETHHTOBBIX JTaHHBIX
Jomamnee 3aganue No3 4
Nrorosslii Ok3amen (Exam) * | Keiic no aHanu3y MapKeTUHIOBBIX JaHHBIX

7 Kpurtepum ouleHKH 3HAHUI, HABBIKOB

Onenku o BceM (opmaM TEKyIIero KOHTPOJIS, a TaKXKe 32 dK3aMEH BBICTABIISIOTCS 1mo 10-

i OaibHON miKane. OneHka MakCUMalIbHO (hopMalin30BaHa M OCHOBaHAa Ha CUCTeMe OailioB, BbI-

CTaBJIICEMBIX 3a Ka)K,Z[bIﬁ BBIITOJIHEHHBIN ITYHKT 3a/laHU. Bce 3amanusa nmerot 10 ITYHKTOB. Brimon-

HEHHBIN MyHKT — 1 Oans. HeBbinosHeHHbIH UM YaCTUYHO BBIOJHEHHBIH MyHKT — 0 GaJisioB.

8 Conepxxanue AUCHUTIMHBI

Topic Total hours Subtopics (number of Literature
hours)
Data management and pre- 12 Measurement scales (3). Vari- 1,2
processing able labels (3). Value labels
(3). Variable creation and
transformation (3).
Descriptive analysis and Cus- 18 Summary statistics for nominal 1,2
tom tables and ordinal variables (6). Fre-
quency distributions (6). Cus-
tom tables (6).
Hypothesis testing : paramet- 17 T-tests (10). Mann-Whitney 1,2,3
ric and nonparametric meth- test (4). Wilcoxon sign-rank
ods test (3)
Correlation analysis 12 Parametric correlations (6). 1,2,3
Nonparametric correlations
(6).
Ordinary least squares regres- 12 Simple linear regression (4). 1,6
sion Multiple linear regression (4).
Hypothesis testing (4).

5
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Logistic regression 12 Binary logistic regression (6). 3,6,7
Multinomial logistic regres-
sion (6).
Classification and regression 12 CHAID, CART, QUEST algo- 4,5
trees rithms (hours distributed
evenly)
Cluster Analysis 12 Hierarchical clustering (6). K- 2,3
means clustering (6).
Factor analysis 12 Principal component analysis 2,4
(6), Maximum likelihood es-
timation (6)
Correspondence analysis 12 Simple correspondence analy- 3
sis (6). Multiple correspond-
ence analysis (6).
Multidimensional scaling 12 Multidimensional scaling (12) 4
Conjoint analysis 12 Rating-based conjoint analysis 4.8
(6). Choice-based conjoint
analysis (6).

9 Oopa3oBaTeibHble TEXHOJIOTHHU
JIeKIuu 1 MPaKTHYECKUE 3aHATHI IPOXO/IAT B KOMITBIOTEPHOM Kiiacce. BHauase

HpernoaaBaTesb JaeT BBOHBIN JICKIIMOHHBII MaTepHa 0 TeME U JICMOHCTPUPYET MPUEMbI
pabots! B makere IBM SPSS Statistics. [Tocie aToro crynentam gaercs 80 MUHYT Ha caMo-
CTOSITEIBHOE BBINOJTHEHHE 33/IaHMI aHAJTMTUYECKOTO Kelica.
MeToauuyeckue peKOMeH/ AN CTyAeHTaM:

» [lepen BbITOJHEHUEM KOHTPOJIBHBIX M JOMAITHUX PabOT 3HAKOMBTECHh C KOHCTIEKTAMH Ce-
MHUHApOB, BBIKJIaAbIBaeMbIMU B LMS

* Hcnone3yiiTe cripaBouHylo cucTeMy nakera SPSS npu BeIOTHEHUH 3aJaHUi

» Jlns momcka akageMuyYeckux crareit ncnonb3yiite Google Scholar B coyeranuu ¢ sek-

TpoHHBbIMH pecypcamu HIY BIIID

10 OueHoYHBbIE CPEACTBA UIA TEKYIIEr0 KOHTPOJISI U ATTECTAI[UM CTY/eHTa
KoMnuiekcHbIe aHAJIMTHYECKHE KeHChI IBJISIIOTCS OCHOBHBIM CPEICTBOM TEKYIIEro
KOHTPOJISA M aTTeCTALMHU CTyeHTa. Bce OHM HMEKT CJIeYIONIYI0 CTPYKTYPY:

» JlanHble B popmate CSV wim XIS
*  Omnwncanne TaHHBIX

* Bgrenenue B OuzHEC-IpodIEMY
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» l3mepumas win 4eTko cHopMyIHpOBaHHAs 1ieib (HampuMmep, Mpeicka3aTh 3Have-
HUS 3aBUCUMOM NEPEMEHHON ¢ MaKCUMaJIbHON TOYHOCTBIO KiacCU()UKALMKU WU T10-

JIYy4YUTb HeﬁCTBeHHyIO CCIrMCHTAMIO U OIMMUCATD MMOJIYYCHHBIC CCI‘MGHTBI)

IIpumepbl OTKPBITHIX M 3aKPBITHIX BOIPOCOB, HCII0JIb3yeMbIX B TeCTaX.

1. Explain the purpose of Market basket analysis. Explain what is meant by the support,
the confidence and the lift of a market rule. Explain briefly what is Simpson’s Para-
dox in this context (9 marks)

Market Basket Analysis is a method for association rule induction which aims at finding
regularities in the shopping behavior of customers (Ma & Dennis 2004). The purpose of MBA is to
determine which products are frequently purchased together and to improve the effectiveness of
marketing and sales tactics primarily by stimulating cross- and up-selling (for example, by placing
expensive beer next to diapers, if it was found that the probability of buying beer is higher, when
diapers are bought).

Let A and B stand for two different sets of items (products). Then an association rule can be
written in the form: A—B (if itemset A is bought, then itemset B is purchased, too). For example, A
— diapers, B — beer (in this case each itemset consists of just one item). Let’s define support,
confidence and the lift of a rule:

= Support=(Number of transactions with both A and B)/(Total number of transactions)=P(A

and B)
For example, if diapers and beer are bought together in 20% of all the purchases, then
Support=0.2

= Confidence=(Number of transactions with both A and B)/(Number of purchases
with=P(BJA))

For example, if beer if purchased in 60% of transactions when diapers are bought, then the
confidence of the rule A—B is 0.6, i.e. the probability of buying a beer given that diapers
are purchased is 0.6.
» Lift=P(B|A)/P(B)

For example, if, on average, the probability of purchasing beer is 10% (i.e. among all
transactions, beer is bought in 10% of cases), but the probability increases up to 60% when
diapers are bought, then the lift of the rule Diapers — Beer is 0.6/0.1=6. Lift>1 indicates
positive dependence between itemsets A and B, while Lift<1 — negative.

Simpson's paradox is a paradox, in which an association but disappears or reverses when
non-aggregated data are combined (Ma & Dennis 2004). In the case of market basket analysis, a
possible reason for such a problem may be that the analysis is conducted using category-level data
instead of sku-level data. For example, the analysis may show that the lift of the rule “Fruit—Dairy
product” is around 1, indicating that the rule is not very interesting. It is even possible that the lift of
the rule is below 1, because there are many vegetarians among those who buy fruits (vegetarians do
not eat dairy products or purchase only some of them). However, if we used non-aggregated data,
we could find that the rule “Strawberry—Whipped cream” stands out with a lift of, say, 3, remind-
ing us that it may be useful to place an expensive brand of whipped cream next to strawberry so that
our buyers do not forget to buy whipped cream that goes well with strawberry, but not so often used
with apples or oranges (i.e. other fruits). Therefore, the choice of the level of aggregation is very
important.
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2. Explain the different stages of the SEMMA process and explain how these are used in
a nonmarketing application (8 marks)

I will explain SEMMA process using the credit scoring example (Azevedo 2008):

e Sample. The time period covered by the sample should be reasonably large to provide a large
number of observations (for most data mining techniques — over 1000 cases), but at the same
time it should preferably include only recent data for the analysis not to be biased by structural
breaks in the financial behavior of bank customers. The sample size also depends on the compu-
ting power available to the credit organization (big data technologies allow to work with bil-
lions of cases). Random sampling is preferable. The sample with known outcomes (1-default, O
— no default) should be split into the training and the testing parts. The former is used for model
building, while the latter — for model validation.

o Explore. At this stage descriptive analysis and visualizations are done. We can look at whether
all the variables are in the expected range, detect outliers and suspicious observations and look
at pairwise relationship to test hypotheses and explore non-trivial relationships primarily using
simple methods (correlation analysis/crosstabs/scatter diagrams). Boxplots, histograms and oth-
er visualization tools are useful at this stage. Examples of relationships studied at this stage in-
clude analysis of default by gender, race, employment status, etc.

o Modify. Variable transformations may be necessary, such as taking logarithms of some of the
variables, create squared variables (such as age® to account for non-monotonous relationships
between age and the probability of default), reduce the number of a categorical variable’s levels
(merge rare races with more common once), recode ordinal variables into binary, etc.

e Model. In the Model phase we apply classification algorithms to the training data. The depend-
ent variable is whether the person defaulted or not, while the predictors are age, occupation,
employment status, income and other variables. Classification methods that can be used are
classification trees, Random Forest, logistic regression, discriminant analysis, etc.

e Assess. The model should be assessed first using the testing sample and then, later, the model’s
performance on new observations should be tracked. The assessment is typically based on clas-
sification accuracy tables and ROC curves.

3. Explain the difference between correlation and regression and for each concept give an
example when each would be useful to apply (8 marks)

Correlation provides a “unitless” measure of association between 2 variables, ranging from

—1 (indicating perfect negative association) to 0 (no association) to +1 (perfect positive associa-
tion). Both variables are treated equally in that neither is considered to be a predictor or an outcome
(Crawford 2006). Thus, correlation has nothing to do with causality (i.e. there are no dependent and
independent variables in correlation analysis). In contrast to correlation, regression considers one
variable to be an outcome and the other to be a predictor variable. In addition, if the correlation is 1
(i.e. linear positive relationship), it does not mean that X has a strong effect on Y. An example of a
strict deterministic linear relationship is Salary=$10000+0.0001*age. According to this equation,
the salary is strictly related to age, so the correlation is 1, but the effect is very small: a 1-year in-
crease in age is associated to $0.0001 increase in Salary. Therefore, if we are interested in finding
good predictors, then we can start from looking at correlations between each potential predictor and
Y and choose those independent variables that are highly correlated with Y as potential regressors.
If we are interested in estimating the marginal effect of independent variables on Y, then we need to
regress Y on independent variables. In most cases correlation and regression analysis go hand in
hand with one another with correlation analysis preceding regression analysis. However, correlation
analysis is sometimes self-sufficient in cases when a researcher hypothesizes the existence of posi-
tive or negative relationship between certain constructs measured on a scale (e.g. Likert scale),
which is just one of the possible ways to operationalize this construct. Another situation in which
correlation is more useful than regression is when we want to show that certain variables measure

8
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the same aspect (such as car length and car weight) and thus can be combined in some way to be
used further as a measure of this aspect. In such cases computing marginal effects of X on Y or
predicting Y based on X may be unnecessary. On the contrary, in cases when we want to be able to
predict Y based on the value of X, regression is useful (e.g. predict house price based on the num-
ber of bedrooms, house size and lot size).

The remaining part of the assignment is based on the fantasy student account data
which is available on blackboard. This data consists of the application forms that students
filled in for a student fantasy bank account, the offer that was made to them in terms of
the overdraft limit they were allowed, whether they were to be given a credit card and if so
what limit, whether they had free insurance of some sort and whether there was a special
gift for them joining. The final piece of data is whether they would have accepted such an
account. Remember this is fantasy data so students might not have been taking the deci-
sion too seriously and thus the results are likely not to be very indicative. You can get the
data from LMS eFront.

4. The first thing is to describe the information about the students themselves. Pick out
three interesting variables and use, histogram, pie chart and descriptive statistics to
explain what, if anything is interesting about them. (There will be no marks for de-
scribing boring variables, like university attended - why is that boring?).

Use correlation or any other techniques to describe the relationship between the
gender of the student and other information about the student (25 marks)

We have picked up the following student characteristics: gender, marital status and their
interests. It appeared that 52% of respondents are females, i.e. the sample is balanced with re-
spect to gender. Most of respondents are single (75%), which makes it difficult to study the im-
pact of each marital status on outcome variables. However, it will still be possible to recode the
variable into single (1) vs. any other marital status (0) to see if experience of relationships im-
pacts account acceptance.

Gender

MFemale
Eale

Figure 1. Gender: pie chart
9
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Figure 2. Bar chart: marital status
Share of respondents that mentioned each of the fields of interest

Column N
%
Music 62.8%
Sport 53.6%
Cinema 52.6%
Travel 49.4%
Clubbing 45.2%
Cars 25.6%
Beer 24.8%
DIY 9.8%
CountryWest 6.4%
ern
Gardening 5.8%

In order to compare males and females we have used independent-samples t-test (to compare
means) and z-test (to compare proportions). Significantly higher percentages (at 5% significance
level) are highlighted: females are more interested in travelling, while males — in cars, beer and
DIY.

10
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Consider a supermarket (e.g., United Supermarkets) that must make weekly shipments
of a certain product from two different warehouses to four different store [25 points, 5

points for each]

a. How could a quantitative approach to decision making be used to solve this problem?
b. What would be the uncontrollable inputs for which data must be gathered?
C. What would be the decision variables of the mathematical model? the objective func-

tion? the constraints?
d. Is the model deterministic or stochastic?

e. Suggest assumptions that could be made to simplify the model.

Quantitative and Qualitative analysis

a. Explain at least three differences between quantitative and qualitative analysis from
the manager's point of view. [9 points]

b. Please provide one business problem which requires quantitative and qualitative
analysis respectively. (i.e., one for quantitative analysis and one for qualitative analysis) [6
points]

C. Can quantitative and qualitative analysis be used together to solve a business prob-
lem? If so, please provide an example. [5 points]

d. Please provide at least three reasons why we need quantitative analysis. Explain each
of them briefly [5 points]

IIpuMep aHATUTHYECKOIO Kelica

The Students, while proceeding with their assignment, are to rehearse and demonstrate skills in se-
lecting, implementing and interpreting quantitative analyses as well as deriving implications thereof
to a given problem solving. It must have a maximum length of 25 pages. The term project concerns
customer behavior and store loyalty on the FMCG (Fast-moving consumer goods)” market. The
project has two phases. The first phase consists in sketching a questionnaire outline proposition,
while in the second phase students are expected to deliver a quantitative analysis report. Both phas-
es should answer to one or more decision problems of your choice and a number of research ques-
tions as well. (see Marketing Decision Problems and Marketing Research Problem as referred to by
Malhotra, Birks & Wills, page 55). MDP and MRP shouldn’t necessarily be identical for both phas-
es of the assignment.

As a future expert in analysis of quantitative survey data, you have been approached by a decision-
maker operating in the FMCG (select one of your choice). The decision maker wants you to:

« Specify the decision problems with its associated research questions and compile a coherent
questionnaire (show/explain 1-2 pages for the underlying operationalization) that answers the se-
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lected survey questions. The Decision problem, the Research questions, the explanation of the oper-
ationalization as well as the the questionnaire are to be uploaded.

* An Analysis Report that, within the topic “FMCG (Fast-moving consumer goods) Store Loyalty
” and based on a questionnaire (attached) analyze one or more decision problems and issues of your
choice. Decision problems and research questions does not need, as mentioned above, to be identi-
cal with those which led to the group's questionnaire outline proposition. You may need to revise in
line with the uploaded questionnaire and datafile in order to solve your decision problem and re-
search questions

The Analysis Report must indispensably include the following parts (page numbers in parentheses
are only indicative)

Introductory part (ca. 2 pages)

» Explain the MDP and the associated research questions. Specify what information is needed to
answer those questions. Show, either in this part or in the group’s conclusion, how the selected re-
search questions contribute to the chosen decisions problem solving.

Measurement part (ca. 4 page)

» Show how the group’s need for information can be operationalized from the questionnaire and
datavariables. Evaluate (positive and negative criticism) the content and measurements in the ques-
tionnaire as well as data collection methods and response in the uploaded survey (mainly reliability
and validity issues). It is though sufficient to limit your assessments to the individual questions in-
volved in your analysis (see Analysis plan).

Analysis plan (ca. 1 page)

* Set up an analysis plan that outlines the analysis methods used to answer the above research ques-
tions. The group can freely set up the specific content of the analysis plan, as long as they make
sure it involves at least one analysis of each of the following analytical techniques: representativity
test (nonparametric chi-square test) , frequency table, crosstable (including chi-square test), bar or
pie chart, t-test, ANOVA, correlation, multiple regression , factor analysis, reliability test on the
composite scale (alpha analysis), cluster and discriminant analysis

Analysis part (ca. 17 pages)

* Download the data file Survey Data FO2016. Perform and interpret the analysis. To demonstrate
interpretation skills of analysis results, reference should be made in the report to the relevant parts
of the output and at least one analysis output is to be referred to for each of the above (Analysis
plan) mentioned analysis. These outputs can be included in the main text or as an appendix..

Conclusion (ca. 1 page)
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» Highlight the report’s "significant" results and specify its conclusions’ importance in relation to
the assignment.
The questionnaire and its operationalization must be attached to the report!

11 Tlopsiaok (popMHPOBAHUS OLIEHOK MO JUCIUIIINHE

— Pesymprupyromas onenka=0.3*Omnenka 3a 3x3amen+0.7*HakomienHas olieHKa
— Haxomnennas orenka=0.2*(Ouenka 3a 1.3 1+Orenka 3a 1.3 2+OmeHka 3a [1.3.
3)+0.05*(Orenka 3a k.p 1+Ornenka 3a k.p. 2)+0.3*Omnenka 3a paboTy Ha ceMUHapax

12 YueOHO-MeTOqUYeCKOe U MHPOPMAIMOHHOE o0ecTiedeHHe U CIUTIHHBI

12.1 OcHoBHas JauTepaTypa

1. Bryman A., Bell E. Business research methods. — Oxford University Press, USA, 2015.

2. Zikmund W. G. et al. Business research methods. — Cengage Learning, 2013.

3. Fox J. Applied regression analysis and generalized linear models. — Sage Publications, 2015.
4. Sachs L. Applied statistics: a handbook of techniques. — Springer Science & Business Me-
dia, 2012.

12.2 lonoJiHUTE/ILHASA JIUTEPATYypa

5. Janssens W., De Pelsmacker P., Van Kenhove P. Marketing research with SPSS. — Pearson Ed-
ucation, 2008.

6. Malhotra N. K. Marketing research: An applied orientation, 5/e. — Pearson Education India,
2008.

7. Mazzocchi M. Statistics for marketing and consumer research. — Sage, 2008.

8. Rossi P. E., Allenby G. M. Bayesian statistics and marketing //Marketing Science. — 2003. — T.
22.— Ne. 3. — C. 304-328.

12.2 JIucTaHIMOHHAS MOAAEPKKA U CHUIIIMHBI

Marepwuans! AucUIUIMHBL pazMeniatores B LMS eFront

13 MarepuajibHO-TEXHHYeCKOe o0ecneyeHne TUCIUITHHBI
= PCs with IBM SPSS statistics installed on them

= VNC software for screen sharing.

14 OcoOGenHocTH OpraHu3anuu OOy4YeHUsl JJIsl JHI ¢ OrPAHUYEHHBIMM BO3MOKHOCTAMM
310POBbA

B cinydae HeoOXoauMocTH, OOydYarONUMCS W3 YHUCIIA JIMI] C OTPAaHWYCHHBIMH BO3MOXKHOCTSIMHU
310pOBbs (IO 3asBICHHUIO OOYyYaromIerocs) MOTYT MpeAsiaratbCs CIEAYIOUIMX BapUaHTHI
BOCTIPHSITHS Y4eOHOH WHPOpPMAMU C YYETOM WX WHIUBUAYAIBHBIX TCHXO()U3HYECKHX
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OCOOCHHOCTEH, B TOM 4YHCJIE C NPUMEHCHHEM »JJICKTPOHHOTO OOYYCHHS] W JUCTAHIIMOHHBIX
TEXHOJIOTHIl:

1) ons auy ¢ nHapywenusimu 3penus; B Tie4aTHON (hopMe yBEIMYCHHBIM IIpU(TOM; B hopme
3JIEKTPOHHOTO IOKYMEHTa; B opMe ayauodaiiia (mepeBoj; yueOHbIX MaTeprajIoB B aynuodopmar);
WHWBUIYAIbHBIC KOHCYJIBTAIIMA C TPHUBICYCHHEM THU(MIOCYPIONEPEBOIUNKA; WHIANBUIYAIbHBIE
3aJ]aHHs U KOHCYJIbTAIINH.

2) 0151 Uy ¢ HapyuwleHusiMu Ciyxa: B TIe4aTHO# Gopme; B popmMe 3IeKTPOHHOTO JTOKYMEHTA,
BUZCOMATEpHAIbl €  CyOTUTpamMH, HMHIWUBUAYaJbHbIE KOHCYJIBTAlMK C  IPUBJICYCHHEM
CypAOTIEPEBOTUHNKA; MHAUBHIYAIbHBIC 3a/IaHUSI U KOHCYJIBTAIIUU.

3) Ona auy ¢ HaApyweHusMu ONOPHO-08USAMENbHO20 annapama. B Te4aTtHou (opme; B
dbopMe DIEKTPOHHOTO JOKyMeHTa, B (opme ayamodaiina, WHAUBHAYAIbHBIC 3aJaHUS U
KOHCYJIbTAI[HH.
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